Cranfield Genetic Algorithm to reverse engineer ice

University cream product recipe from ingredient lists
and nutrition information

Introduction

In the fast-moving goods sector, ice cream stands as a prominent dessert with a « USDA Data : USDA data for
dynamic range of formulations. Staying updated with changes in competing ingredient nutritional insights
products is paramount, given the competitive nature of the industry. A significant * Ingredient Identification: Create an
challenge is unraveling the specific compositions of these products, especially auto-detection method from

since manufacturers are mandated to disclose only limited information. This database and product labels
project aims to reverse-engineer ice cream products to determine ingredient « Algorithm Evaluation: genetic
quantities, a task of considerable commercial importance. algorithm strategies for optimal

recipe formulation
reliability across iterations
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